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print (‘train_y shape: " + str(train_y.shape))
# Reshape the training examples
train_x_flatten =
train_x_orig.reshape(train_x_orig.shape[0], -1).T
# Standardize data to have feature values between ( and
1.
train_x = train_x_flatten / 255.
print ('train_x's shape: " + str(train_x.shape))
layers_dims = [3600, 20, 7, 5, 1] # 5-layer model
# GRADED FUNCTION: n_layer_model
def L_layer_model(X, Y, layers_dims,
learning_rate=0.075, num_iterations=3000,
print_cost=False): #Ir was 0.009
np.random.seed(1)
costs =[]
# Parameters initialization.
parameters = initialize_parameters_deep(layers_dims)
# Loop (gradient descent)
foriin range(O, num_iterations):
# Forward propagation: [LINEAR —> RELU]*(L-1) -
> LINEAR —> SIGMOID.
AL, caches = L_model_forward(X, parameters)
# Compute cost.
cost = compute_cost(AL, Y)
# Backward propagation.
grads = L_modeI_backward(AL, Y, caches)
# Update parameters.
parameters = update_parameters(parameters,
grads, learning_rate)
# Print the cost every 100 training example
if print_cost and i % 100 == 0:
print ("Cost after iteration %i: %f" % (i, cost))
if print_cost and i % 100 == 0:
costs.append(cost)
# plot the cost
plt.plot(np.squeeze(costs))
plt.ylabel(*cost’)
plt.xlabel(‘iterations (per tens)’)

plt.title("Learning rate =" + str(learning_rate))
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import pickle

import numpy as np

from dnn_app_utils import *

%load_ext autoreload

%autoreload 2

np.random.seed(1)

train_x_orig = pickle.load(open("X.pkl', 'rb'))

train_y = pickle.load(open('y.pkl', 'rb’))

train_y = train_y.reshape(1, len(train_y))

classes = ['Cat, 'Dog']

# Explore the dataset

m_train = train_x_orig.shape[0]

num_px = train_x_orig.shape[1]

print ("Number of training examples: " + str(m_train))
print ("Each image is of size: (" + str(num_px) +", " +
str(num_px) + ", 3)")

print ("train_x_orig shape: " + str(train_x_orig.shape))

ISSN: ####-####

journal.manara.edu.sy Page 5



http://journal.manara.edu.sy/

(2022) adt (1) saad) (2) e — 5Ll dmalr U2

Sl Cun cadillyy g ladll iy o (agics Granll alall
Gl dipenl) Lppeand) Sl 3 fLadll Lanslsall A
DA e cVlaily dlatie clid (3 Ay dpwac WA
o calall Bald e Alggee dih IS L(gA1 Luac
Glaakall oda L seall Caian  lajey Calsally Glisidl
il e Lasy "Geall' cdand Gaead) alaill s S o
bl aluh e NEY algall Baaie Glaks

B ok ddsen]) Loclihia) Gyl KAl 2
il e ¥ aled) s e pend) bl 23 (R
) 3 S 8 daall bl aaen L lgla ) ol
Ssaal Ay @bl Wl 05S ol Alsy el Al
UL Gl add bl el ) Holae Clig,
.Siri g Alexa (e 8 J<al) & [IXS

What can | help
you with?

sirl Sl s 7Y) aclal) 9 S0

Lalal (e Lo b degena Gaeall oladll ey caBlgl A
aniy Y Lsla ) Qo) @iy IS ) AN alas
0 OSTg clBld) e A ol alas Aaml oda
ast A ClelaYl Gan ) zlisy A Ao o 2 G
o Gaaall aletll pobien o B chagall oY mopdl Lo
AN et Gl ae Jalail dieg czajuall JA ()50 degall
o Pl culS 1Y) Laplall B mapd) (Je o
ellyy Jiss 1gld (Gaaad) alaill zilad dowilly S cdauilie
L) Jaall e Gl ¢lgasiiy

plt.show()

return parameters
# Run the training
parameters = L_layer_model(train_x, train_y,
layers_dims,learning_rate = 0.1, num_iterations=100,
print_cost=True)
## compute accuracy
pred_train = predict(train_x, train_y, parameters)
## write the parameters to csv file as result.
file = 'fifth.csv'
with open(file, 'w') as csv_file:

writer = csv.writer(csv_file)

for key, value in parameters.items():

writer.writerow([key, value])

ol il Jsaa e Jpeanll 5 oyl aey

Learning accuracy | Num iterations accuracy
0.075 2500 0.6708
0.0075 5000 0.3691
0.02 5000 0.6764
0.2 5000 0.7237
0.1 10000 0.7639
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import random
random.shuffle(data)

X=1

y=1

for features, label in data:
X.append(features)
y.append(label)

X = np.array(X)

y = np.array(y)

import pickle

pickle.dump(X, open('X.pkl', ‘'wb'))
pickle.dump(y, open('y.pkl', ‘'wb'))

Cifia By Asend) Lppemell Al oyl JE) sl adaial
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import pickle

X = pickle.load(open('X.pKl', 'rb'))

y = pickle.load(open('y.pkl', 'rb'))

X = X[255

X = X.reshape(-1, 60, 60, 1)

from keras.models import Sequential

from keras.layers import Conv2D, MaxPooling2D, Dense,

Flatten

model = Sequential()

model.add(Conv2D(64, (3,3), activation = 'relu’))

model.add(MaxPooling2D((2,2)))

model.add(Conv2D(64, (3,3), activation = 'relu’))
(MaxPooling2D((2,2)))

model.add(Flatten())

model.add

model.add(Dense(128, input_shape = X.shape[1:],
activation = 'relu’))

model.add(Dense(2, activation = 'softmax'))
model.compile(optimizer='adam’,
loss="sparse_categorical_crossentropy’,
metrics=['accuracy'])

model.fit(X, y, epochs=35, validation_split=0.1)
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import numpy as np

import os

import cv2

import matplotlib.pyplot as plt
get_ipython().run_line_magic('matplotlib’, 'inline’)
DIRECTORY = r'C:\Users\balajiam\Documents\ML Data
Analysis\Cats—Vs-Dog'

CATEGORIES = ['cat, 'dog']

data =[]

for category in CATEGORIES:

path = os.path.join(DIRECTORY, category)

for img in os.listdir(path):

img_path = os.path.join(path, img)

label = CATEGORIES.index(category)

arr = cv2.imread(img_path,
cv2.IMREAD_GRAYSCALE)

new_arr = cv2.resize(arr, (60, 60))

data.append([new_arr, label])
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from tensorflow import keras

import numpy as np

CATEGORIES = ['Cat', 'dog']

def image(path):

img = cv2.imread(path, cv2.IMREAD_GRAYSCALE)
new_arr = cv2.resize(img, (60, 60))

new_arr = np.array(new_arr)

new_arr = new_arr.reshape(-1, 60, 60, 1)

return new_arr

model = keras.models.load_model('3x3x64-
catvsdog.model’)

prediction = model.predict([image(‘test_dog.jpg')])
print(CATEGORIES|prediction.argmax()])
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